Evidencing LLM Misuse: A Hands-on Forensic Tutorial on
Copyright Infringement and Plagiarism Detection

Denghui Zhang’ Guangwei Zhang Dongwon Lee
dzhang42@stevens.edu kwongwai@19pine.ai dongwon@psu.edu
Stevens Institute of Technology Pine Al The Pennsylvania State University

Hoboken, NJ, USA
Abstract

Large Language Models (LLMs) introduce serious risks of content
misuse, spanning copyright infringement in the legal domain and
plagiarism in the ethical and academic domain. Although prior
work has studied these risks, researchers and practitioners still need
practical ways to audit, interpret, and evidence them. This tutorial
presents a unified forensic perspective on LLM content misuse.
First, we introduce Copyright Detective, an interactive forensic
system for detecting, analyzing, and visualizing potential copyright
leakage in LLM outputs. Participants will learn how inference-time
scaling reveals sporadic memorization under output uncertainty,
and how persuasive jailbreak probing can serve as defensive red
teaming for examining alignment-suppressed leakage. Second, we
introduce LLM Plagiarism Detection, covering verbatim copying,
paraphrased reuse, and idea-level appropriation. We will discuss,
and where appropriate demonstrate, how candidate source retrieval
and text alignment support plagiarism analysis, while highlighting
factors such as model size, decoding strategies, and fine-tuning
corpus similarity. By combining hands-on copyright-risk auditing
with a flexible plagiarism module, this tutorial equips attendees
with practical and conceptual tools for auditing black-box models,
interpreting similarity evidence, and understanding content misuse
beyond simple text matching.
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1 Introduction

LLMs possess the capability for creative reasoning, yet simultane-
ously retain the risk of regurgitation of their training corpora [5],
precipitating two distinct but critical crises regarding content mis-
use: Copyright Infringement [1, 6, 8], a legal violation involving
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the unauthorized reproduction of protected expression, and Pla-
giarism [2, 3], an ethical violation involving the uncredited appro-
priation of words, structures, or core ideas. Addressing these risks
requires more than theoretical discussion; it demands robust, practi-
cal forensic and conceptual capabilities. Models have demonstrated
the vulnerability to reproduce copyrighted text verbatim, raising
significant legal concerns, while simultaneously acting as sophisti-
cated engines for plagiarism that can paraphrase content to evade
traditional detection. However, auditing these risks is non-trivial
due to practical challenges such as output uncertainty where risks
"flicker" across generations and alignment suppression where safety
fine-tuning masks latent memorization. This tutorial bridges the
gap between theoretical risk assessment and practical auditing. We
organize the tutorial around two complementary perspectives on
content misuse in LLMs:

e Copyright Detective [9]: An integrated forensic system
for detecting, analyzing, and visualizing potential copyright
risks in LLM outputs, including verbatim memorization and
paraphrase-level leakage. We will demonstrate how inference-
time scaling helps reveal sporadic leakage under output un-
certainty, and how persuasive jailbreak probing [4] can be
used as a defensive red-teaming method to examine alignment-
suppressed memorization.

e Plagiarism Detection [3]: A module introducing the de-
tection and analysis of plagiarism in LLM-generated text,
covering verbatim copying, paraphrased reuse, and idea-
level appropriation. We will discuss, and where appropriate
demonstrate, how automatic plagiarism detection can com-
bine candidate source retrieval with text alignment to iden-
tify suspicious overlaps, while highlighting key factors such
as model size, decoding strategies, and fine-tuning corpus
similarity that shape plagiarism behavior.

2 Tutorial Outline

(1) Forensic Foundations of LLM Content Misuse (45 min).

We introduce copyright infringement and plagiarism as two

distinct forms of LLM content misuse, covering verbatim

memorization, paraphrase-level leakage, and idea-level reuse.

We also discuss key auditing challenges, including output

uncertainty, sporadic leakage, alignment suppression.

Break (15 min).

(3) Hands-on Copyright Auditing with Copyright Detec-
tive (45 min). We present Copyright Detective as a unified
system for black-box copyright auditing. Participants will
test text- and document-level memorization, apply inference-
time scaling, craft persuasive prompts, and interpret visual
evidence through similarity metrics.
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(4) Break (15 min).

(5) Hands-on Plagiarism Detection and Forensic Report-
ing (45 min). We introduce an automated pipeline for de-
tecting plagiarism in LLM outputs. Participants will retrieve
candidate sources, run text alignment, analyze verbatim,
paraphrase, and idea-level plagiarism, and organize findings
into forensic audit reports.

(6) Wrap-up and Open Challenges (15 min). We summarize
the auditing workflows and discuss open challenges, includ-
ing the boundary between technical evidence and legal or
ethical judgment, as well as future directions for forensic
analysis of Generative Al systems.

3 Audience, Prerequisites, and Participation

This tutorial targets 50-100 participants from machine learning,
legal technology, education, and responsible-Al communities. It is
intended for researchers and practitioners interested in Al safety,
model evaluation and copyright compliance. The tutorial requires
only a basic conceptual understanding of LLMs and current copy-
right and plagiarism risks, with no advanced programming back-
ground expected.

Audience participation is central to the tutorial. Participants
will use a Streamlit-based interface and accompanying tutorial
materials for Copyright Detective to conduct real-time copyright-
risk audits. The hands-on session will cover content recall testing,
document-level memorization analysis, inference-time scaling, and
persuasive jailbreak probing as defensive red teaming. Participants
will compare model outputs with user-provided reference passages,
interpret similarity metrics and visual evidence panels, and discuss
how technical findings can be organized into reproducible forensic
evidence. For the plagiarism component, the tutorial will introduce
how LLM-generated text may exhibit plagiarism beyond verbatim
copying, including paraphrased reuse and idea-level appropriation.
Participants will examine representative examples of LLM plagia-
rism, discuss how candidate source retrieval and text alignment
can support detection, and reflect on the broader implications for
academic integrity and responsible Al deployment.

4 Resources and Materials

o Participants: Laptop with a web browser.
e Infrastructure: We will provide access to the tutorial web
application! and supporting code repository?.

5 Relation to Prior Tutorials

This tutorial has not been presented elsewhere in this integrated
hands-on form. A related NAACL 2025 tutorial, LLMs and Copyright
Risks: Benchmarks and Mitigation Approaches [7], covered copyright
risk assessment and mitigation from a broader lecture-style per-
spective. In contrast, this tutorial is system-focused and hands-on:
it emphasizes practical forensic auditing, integrates Copyright De-
tective [9] with a conceptual overview of LLM plagiarism risks and
detection methods, expanding the scope from copyright memoriza-
tion to broader plagiarism evidence.

Uhttps://copyright-detective.streamlit.app/
Zhttps://github.com/Brit7777/LM-plagiarism
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6 Societal Impact

This tutorial contributes to Responsible Al by serving three practical
needs: helping authors and legal professionals document poten-
tial copyright leakage, supporting AI developers in red-teaming
deployed models, and providing educators and the public with
accessible ways to understand copyright and plagiarism risks in
Generative Al Through reproducible, interactive, and black-box
auditing workflows, it promotes transparency, academic integrity,
and legally aware LLM deployment.

7 Tutors and In-person Presenters

Dr. Denghui Zhang is an Assistant Professor at Stevens Institute
of Technology. He studies the interplay between LLMs/GenAl legal
and socio-ethical issues. He is the corresponding author of seminal
works on LLM copyright evaluation.

Guangwei Zhang is an Engineer at Pine Al His expertise spans
speech algorithms and autonomous agents. His research primarily
focuses on the safety and trustworthiness of LLMs, with a specific
emphasis on copyright protection.

Dr. Dongwon Lee is a Professor at The Pennsylvania State Univer-
sity. His research focuses on the trustworthiness of Al, specifically
plagiarism detection and copyright issues. He is the corresponding
author of seminal works on LLM plagiarism.
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